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difficult option......... see options,
difficult

AIpArm ..ttt 242
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I
initial values......... 171-179, 237-239
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seemingly unrelated regression. ...
...... 271-283, 335-342
Weibull. .69-70, 104-107, 196-198,
262-265, 327329
moptimize_init by........... 204-205
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351
Newton’s method ...... see algorithms,
Newton’s method
noconstant option........ see options,
noconstant
nonconcavity ... 15-17
noninteractive mode.......... 221, 285,
297-301
nonlinear specifications.......... 74-T5
not concave message. . ... see messages,
not concave
numerical
derivatives.................. 20-25
maximization............... 13-25
root finding................. 13-17
(0]
OPG..... see variance estimators, outer
product of gradients
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constraints() .. 57, 287, 297-298
continue ................ 233, 299
difficult............ 17, 184-185
diparmQ) ................. 240242
eform() ........ 242-244, 289, 305
exposure() .............. 244-246
missing.................. 225-226
noconstant............... 44, 302
offset() ..., 244246
subpop() ...l 57
SUY . oo 56-57, 249-254, 300
technique()...... 57-60, 287, 300
veeO) ..o 34-35, 53-56, 297
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P
panel-data models ......... see models,
panel-data

probit model........ see models, probit

program properties............ 246-252
Ml SCOTE . 252
SVYb. ..o 250
SVY e 250
SVYL oo 250
swml ... 246-247
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properties() option..... see program
properties

proportional hazards model ........ see
models, Cox regression

pweights........ see weights, pweights

Q

qualifiers, subsample ............ 51-52

R

random-effects regression .. see models,
random-effects regression

restricted parameters............... 68

robust option...... see options, vce ()

root finding......... see numerical root
finding

S

sandwich estimator........ see variance
estimators, robust

scalars ...l 87-90

scores . . see variance estimators, robust

seemingly unrelated regression ........
........ see models, seemingly
unrelated regression

speed ... 75-76
starting values........ see initial values
subpop () option .......... see options,
subpop ()

subsample .................... 225-229
survey data ..56-57, 251, 254, 259, 261
svy option............ see options, svy
svy prefix................L 249-254
svyb..... see program properties, svyb
SVyj..... see program properties, svyj
SVyr..... see program properties, svyr
SVyset........oiiiiiiL 56-57
swml..... see program properties, swml
T

Taylor-series linearization method . . see
variance estimators, robust

technique() option....... see options,
technique )

todo argument ... see arguments, todo
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Wald test ...l 9-10
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pweights........ 35-36, 52-53, 50,
232-233
White estimator .......... see variance

estimators, robust





